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Abstract
The Caribbean is an understudied region in terms of gender wage gaps and this paper
seeks to add new insights into the sparse economics literature on this topic for this region.
The present study employs 2012 Continuous Sample Survey of the Population data for
Trinidad and Tobago to investigate the causes of gender income differentials along the
entire distribution of wages. The Machado and Mata/Melly methods of quantile
decomposition were used to portion the gap into “explained” and “unexplained”
components. The findings suggest that the differential in wages is not well explained by
differences in the levels of human capital (“explained” component) and indeed gender bias
in favour of male workers on the part of employers is prevalent (“unexplained”
component). Quantile decompositions allow us to ascertain if there is a glass ceiling or a
sticky floor in the labour market. The results suggest that female workers in Trinidad and
Tobago face sticky floors rather than a glass ceiling.
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1.

Introduction

This paper provides new insights into the nature and sources of gender wage inequality
in Trinidad and Tobago. The disparity in earnings among men and women has serious
implications for Trinidad and Tobago given that 35 percent of all households are headed
by women 2 .
The gender wage gap was analysed using quantile regression
decomposition methodologies applied to nationally representative data for 2012. This
paper also contributes to the literature on the Caribbean region which is an
understudied geographical region in terms of wage gaps. Globally, there has been a
substantial amount of research conducted concerning gender disparities in wages in
developed countries (see inter alia Anderson et al 2001; Reiman 2001; Chichilnisky and
Frederisksen 2008). However, there are fewer studies based on developing economies
and even less on the Caribbean3.
Corresponding author is a PhD Candidate at the University of Nottingham, Nottingham, United
Kingdom. Email: lexkaro@nottingham.ac.uk.
2 Household Budgetary Survey, 2008/2009.
3 Sookram and Watson (2008) investigated wage discrimination between males and females in
the informal sector of Trinidad and Tobago. In 1997, Coppin explored women’s earnings in
Trinidad and Tobago based on household status (that is, headship versus non-headship) and
1
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This research is timely and relevant in the context of Trinidad and Tobago. The
country’s national poverty rate declined from 18.4 percent4 in 1998 to 11.0 percent in
20055. Significantly, some 38 percent of the poorest households in 2005 were headed
by women. Furthermore, in spite of being categorised by the World Bank as a high
income country, alongside thirteen years of consecutive positive economic growth
(prior to the global recession of 2008), the national poverty rate still stands in doubledigits. A better understanding of the gender wage gap and wage discrimination will
assist in improving gender equity and social well-being in the country.
Following many years of research analysing the magnitude (and source) of the mean
gender wage gap (OLS analysis), researchers have recently begun to consider the way in
which relative wages differ for high- and low-wage workers (using quantile
regressions). There are several reasons for this shift in analysis. Firstly, the magnitude
of the gender wage gap is generally not constant across the entire wage distribution and
the gap in mean wages obscures a great deal of the variation in the data. Secondly, a
better understanding of the role of gender in the labour market emerges when there is
an expanded focus on outcomes apart from simply the “average” man and woman, in
particular, the presence of “glass ceilings” where the gender wage gap tends to be larger
amongst workers earning relatively high wages, and the existence of “sticky floors”
which occurs at the lower end of the wage distribution (see Booth et al., 2003;
Arulampalam et al., 2007; Kee, 2006). Finally, the extent to which disparity in men’s and
women’s productivity-related characteristics accounts for the gender wage gap also
appears to differ between high- and low-wage workers. This implies that theoretical
models of labour market discrimination—and the public policies adopted to deal with
this phenomenon—need to be flexible enough to account for the full range of women’s
experiences both at the top and at the bottom of the wage distribution.
Additionally, there are several attractive features of quantile regression (QR). Firstly,
unlike OLS regression that tends to be sensitive when outliers are present in the data
and estimates may be inefficient when the dependent variable has a non-normal
distribution, QR estimates are more robust. Second, QR allows for a fuller
characterisation of the data, that is to say, QR facilitates the analysis of the impact of
covariates on the full distribution or any particular percentile of the distribution, and
not just the conditional mean (like in OLS regression). Third, unlike in OLS regression,
QR estimates do not require the existence of the conditional mean for consistency.
The key contribution of this paper is to explore beyond the mean analysis of gender
wage gaps in Trinidad and Tobago (which has been done by researchers in the past –
Coppin (1997), Olsen and Coppin (2001), and Coppin and Olsen (2007). This paper
makes original contributions to the existing literature on discrimination in Trinidad and
Tobago’s labour market in the context of any existing “glass ceiling” and/or “sticky
floor” – there have been no papers employing quantile decomposition techniques using
data based on Trinidad and Tobago. This paper also adds to the literature insofar by
analysing the gender pay gap via quantile decomposition for the public and private
sectors. Previous research showed that the gender wage gap is much larger in the
private sector than in the public sector.
The main result of the paper concludes that Trinidad and Tobago’s labour market does
not have a glass ceiling, but rather female workers face sticky floors. However, it is
likely that the glass ceiling is “hidden” given that at the higher end of the wage
distribution, women have a greater number of years of education than men. It is likely
ethnicity. More recently, in 2010, Bellony et al investigated gender earnings gaps in two
Caribbean countries (Barbados and Jamaica).
4 Household Budgetary Survey, 1997/1998.
5 Survey of Living Conditions, 2005.
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that these women feel compelled to educate themselves further to compete with their
male counterparts for higher paying jobs.
The rest of the paper is as follows: section 2 gives a brief background of Trinidad and
Tobago’s labour market; section 3 outlines the conceptual framework and explains the
methodology used for the regression and decomposition analyses; sections 4 and 5
discuss the data and estimation results; and section 6 concludes the paper.
2. Overview of the Trinidad and Tobago Labour Market
Trinidad and Tobago is a two-island republic situated between the Caribbean Sea and
the North Atlantic Ocean, northeast of Venezuela. The republic has a land area of 5,128
square kilometres (1,980 square miles), with a population of approximately 1.3 million
people according to the latest Population and Housing Census conducted in 2011.
Trinidad and Tobago is an energy-based economy (mostly crude oil and natural gas),
with the energy sector accounting for on average 40 percent of the country’s Gross
Domestic Product (GDP) over the five-year period 2009-20136, and an estimated per
capita GDP of US$10,727 in 2013. The energy sector however, dominates output but not
employment. Tourism and manufacturing are also important sources of national
revenues. The World Bank ranks the country as a high-income non-OECD country, and
it is the most industrialised country in the English-speaking Caribbean.
Oil was first discovered in Trinidad and Tobago in 1857 and soon grew to be a major
contributor to the country’s GDP. By 1970 the petroleum sector accounted for over 20
percent of national output, and as oil prices increased so too did the importance of this
sector grow in relation to economic growth. Given the country’s dependence on the
energy sector, Trinidad and Tobago’s economic cycle has mirrored movements in the
international price of oil.
During the 1980s to the mid-1990s, Trinidad and Tobago’s economy underwent several
periods of bust and boom, before experiencing sustained economic growth for over a
decade. Post-1995, the country experienced thirteen consecutive years of positive
economic growth (growing at an annual average of 7.6 percent) before the onset of the
global financial crisis when the economy contracted by 0.9 percent and 0.1 percent in
2009 and 2010, respectively (Chart 1).
Chart 1
Unemployment Rate, Real GDP Growth Rate and Crude Oil Prices (1980-2010)
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Following the recession of the 1980s when the labour force participation rate dipped to
55.6 percent, the rate has hovered around 62 percent over the last decade. The size of
the labour force has increased over the years, moving from 480,000 persons in 1987 to
619,000 persons in 2010 – an annual average growth rate of 1.1 percent. Even though
males continue to be predominant, the share of females in the labour force has steadily
increased moving from 31.8 percent in 1980 to 41.4 percent in 2010.
As in most countries, female labour force participation rates in Trinidad and Tobago are
markedly lower than male participation rates. Despite this, the disparity between these
rates has been decreasing – over the two decades spanning 1990 to 2010, male
participation rates hovered around 75 percent, while female participation increased
from 38 percent at the beginning of the period to just over 50 percent in 2010.
Noteworthy however, in comparison to neighbouring Caribbean countries (namely,
Jamaica and Barbados), Trinidad and Tobago has lower female participation rates.
Between 2000 and 2009, Barbados and Jamaica’s female labour force participation rates
averaged 65.1 and 57.4 percent, respectively7 (Roopnarine and Ramrattan, 2012).
The government of Trinidad and Tobago has ratified several International Labour
Organisation (ILO) Conventions including the Tripartite Consultation (International
Labour Standards) Convention, 1976 (No. 144). Some of the more important pieces of
legislation passed in Trinidad and Tobago concerning the labour market include: the
Industrial Relations Act (1972), the Retrenchment and Severance Payments Act (1985),
the Minimum Wage Act (1976), and the Equal Opportunity Act (2000).
The Equal Opportunity Act (EOA) was passed in 2000 and prohibits an employer or
prospective employer from discriminating against an employee or a prospective
employee because of their status (race, disability, ethnicity, marital status, religion, sex,
or geographical origin) and also from discrimination by victimisation whereby the
person victimised is less favourably treated than other persons. The Act states that an
employer shall not discriminate against an employee in the terms and conditions of
employment as well as access to opportunities for promotion, transfer, training, or any
other benefit, facility or service related to the employment. Currently, Trinidad and
Tobago does not have any legislation pertaining to equal pay for work of equal value.
3.

Conceptual Framework
3.1 Quantile Regression

The simplest method to estimate the difference in wages between genders is to use a
Mincer equation for wages with the inclusion of a gender dummy. However, this
approach has several shortcomings, such as the presence of unobservable factors which
may be correlated with the error term, sample selection bias, and the possibility that
men and women may receive different rewards for the same characteristics (van der
Velde et al, 2013). These shortcomings can be addressed by interacting the gender
dummy with some of the other variables. In practice, this is equivalent to estimating
two separate wage equations for men and women, and then decomposing the absolute
differences in wages into a component attributable to differences in characteristics and
a component that cannot be explained by differences in characteristics. The most
widely used decomposition technique has been the Blinder-Oaxaca (BO) technique. The
“unexplained” component of this decomposition is often seen as evidence of
discrimination, but also captures the effects of unobserved characteristics.
However, Kuhn (1987) was the first to put forward some of the limitations of this
traditional approach of analysing gender wage gaps and discrimination. Conditional
7
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mean models do not allow for analyses based on non-central locations which can be
useful for social research in studies like economic inequality and mobility. Secondly,
conditional mean methods may fail to capture trends in the distribution and may be an
inappropriate measure of central tendency in the presence of outliers. The quantile
approach allows the researcher to test whether determinants of wages have different
effects higher up the conditional wage distribution compared to workers at the lower
end. Quantile regression (QR) analysis that was introduced by Koenker and Bassett
(1978) can be more useful and informative even in the presence of highly skewed data,
and has better properties in the presence of heteroscedasticity (Deaton, 1992).
The aim of this research is to analyse pay differentials across the entire distribution of
wages. The quantile regression methodology (Koenker and Bassett, 1978) allows the
characteristics of individuals to have different impacts at different points of the wage
distribution, which consequently affects the implied decompositions at each point. This
approach allows for the examination of the effects of either the “glass ceiling” or “sticky
floor” phenomena. In the case of the former, a larger unexplained gender wage gap is
observed at the top of the wage distribution, suggesting that, as women advance to top
positions, their pay may not increase pari pasu. In the latter case, a larger unexplained
earnings gap at the lower end of the wage distribution may suggest that females enter
occupations and industries with low pay and few advancement opportunities
(Christofides et al, 2010). At the time of writing, there is sparse research on either the
“sticky floor” or the “glass ceiling” phenomena for Trinidad and Tobago.
The QR method estimates the θth quantile variable, in this case logarithmic wage,
conditional on a number of variables, under the assumption that 𝑞𝜃 , the conditional
quantile of 𝑌, is linear in 𝑿 (that is, 𝑞𝜃 = 𝑿𝛽(𝜃). The model can be written as:
and

𝑙𝑛 𝑤𝑎𝑔𝑒𝑖 = 𝑿𝑖 𝛽𝜃 + µ 𝜃𝑖 𝜃 ∈ (0,1)

Eq. (1)

𝑄𝑢𝑎𝑛𝑡𝜃 (𝑙𝑛 𝑤𝑎𝑔𝑒𝑖 |𝑿𝑖 ) = 𝑿𝑖 𝛽𝜃

Eq. (2)

Xi represents the vector of exogenous variables for each individual i and 𝛽𝜃 , represents
the coefficient vector that needs to be estimated. 𝑄𝑢𝑎𝑛𝑡𝜃 (𝑙𝑛 𝑤𝑎𝑔𝑒𝑖 │𝑿𝑖 ) represents the
conditional quantile of ln wage given 𝑿.
The coefficient vector is found through the following equation:
𝑚𝑖𝑛 𝛽(𝜃){∑𝑖:𝑦𝑖≥𝑥𝑖𝛽(𝜃) 𝜃|𝑦𝑖 − 𝑥𝑖 𝛽(𝜃)| + ∑𝑖:𝑦𝑖<𝑥𝑖𝛽(𝜃)(1 − 𝜃)|𝑦𝑖 − 𝑥𝑖 𝛽(𝜃)|}

Eq. (3)

The coefficient vector, 𝛽𝜃 , can be interpreted as the estimated returns to individual
characteristics at the θth quantile of the wage distribution. The advantage of this
technique is that it allows for the possibility that characteristics have different returns at
different parts along the wage distribution, which is not possible using the Ordinary
Least Squares (OLS) analysis as employed by the Oaxaca decomposition methodology.
The focus of the quantile regression decompositions in this paper are based on five
quantiles -10% 25%, 50%, 75%, and 90%. Following other researchers (e.g.
Christofides et al, 2010), we can define a sticky floor and a glass ceiling as existing if the
10th percentile and the 90th percentile respectively exceed other reference points of the
wage distribution by at least two percentage points.
Appleton et al (2014) has noted however that some prudence needs to be taken when
interpreting the results of quantile regressions since they pertain to conditional
quantiles, not unconditional ones. According to Appleton et al, since unobserved
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determinants of wages are unobserved, it is not clear to the econometrician what these
are. These unobserved determinants could possibly include measurement error or
random factors like a worker’s luck in landing a high paying job. Furthermore, the
authors note that unobserved characteristics of a job may also be noteworthy – for
example, the researcher may not observe firm size or profitability, but rent-sharing
theories (or gift exchange theory, Akerlof, 1982) imply these may have a significant
effect on earnings8.
3.2 Decomposition Technique
3.2.1 Conditional Quantile Decomposition - Machado and Mata
(2005) and Melly (2006)
Machado and Mata (2005) proposed a quantile-based decomposition technique that
combines quantile regression with bootstrapping. First, in the quantile regression
model the conditional quantiles of ln wage are given by equation (2) and these can be
estimated by quantile regression. Second, underlying the MM technique is the
probability integral transformation theorem from statistics: If U is uniformly distributed
on [0,1], then F-1(U) has distribution F. Then, for a given Xi and a random θ~U[0,1], Xi βθ
has the same distribution as ln wagei|Xi . In the MM technique, instead of keeping Xi
fixed, a random X is drawn from the population, and Xβθ will have the same distribution
as ln wage (the dependent variable).
Firstly, quantile regressions are used to estimate the effects of covariates on the location
and shape of the conditional wage distribution. Quantile regressions (equation 2) are
run separately for men and women to predict wages at various points of the wage
distributions by gender. The MM methodology focuses on the impact of differences in
the returns to characteristics on the gender wage gap. Hence, the authors estimate a
counterfactual female wage distribution that women would have if their labour market
characteristics were rewarded equivalently as men. Bootstrapping is used to estimate
the counterfactual female wage distribution instead of using the average characteristics
of the female sample.
Formally, the MM (2005) approach can be described as follows:
Step 1: generate a random sample, u, of size n from an uniform distribution U [0,1]: θ1,
…, θn.
Step 2: for each θ of u, the QR coefficients βF(θ) and βM(θ) in equation (2) are estimated
using the female and male data set, respectively.
Step 3: draw a random female sample with replacement and use their characteristics to
predict wages using the estimated coefficients obtained in step 2. This prediction
enables the calculation of the marginal distribution of female wages and the marginal
distribution of male wages that would prevail if men’s characteristics were distributed
the same as women’s.
Step 4: calculate the gender wage gap at each quantile using the new estimated female
wage distribution and the estimated counterfactual male wage distribution.
One major disadvantage of the MM decomposition approach is that the individual
contribution of each covariate (individual and firm-level characteristics) on the gender
wage gap cannot be disaggregated, which makes it less useful for policy
recommendations.

Rent-sharing theory suggests that higher wages may induce loyalty from workers who in turn
increase their productivity. The extent to which this loyalty exists or even increases may be
influenced by the extent to which the firm shares its profits with workers.
8
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In this paper, the method proposed by Melly (2006) was used to estimate the
parameters of the Machado and Mata (MM) decomposition9. The Melly (2006)
estimator based on the conditional quantile regression methodology is very similar to
the MM decomposition technique. The MM technique is based on simulation methods
and can be very computationally tedious; however, Melly(2006) shows that if the
number of simulations used in the MM procedure goes to infinity, the Melly (2006)
decomposition technique is numerically similar to the MM procedure. One should note
that the Melly (2006) decomposition method assumes exogeneity for all covariates – as
such, the use of instrumental variables or sample selection procedures could be used to
address this issue. Similar to the MM technique, the Melly (2006) decomposition
technique does not allow for computing detailed decompositions.
In brief, in step 1, instead of drawing a random sample from a uniform distribution,
Melly estimates conditional (linear) regressions for a large number of quantiles and
then integrates the conditional wage distribution over the covariates to estimate the
unconditional distribution. This allows for a more precise estimation of the
unconditional distribution of wages using the information contained in the covariates.
Also, the procedure allows for the estimation of counterfactual unconditional
distributions – that is, by using the characteristics distribution of female workers and
the coefficients estimated using the data for male workers, the counterfactual
distribution of wages can be estimated, which is the distribution of wages female
workers would receive if they had the same output function as male workers. This
counterfactual distribution is then used to decompose the differences in distribution.
For each quantile considered, the wage gap can be decomposed into a part explained by
differences in characteristics and a part explained by differences in coefficients. This
essentially is a generalisation of the Oaxaca-Blinder decomposition for the mean.
For the Melly (2006) estimator, as was stated in equation (2), the conditional quantile
function for men would be:
𝑄𝑀,𝜃 (𝑙𝑛 𝑤𝑎𝑔𝑒𝑀 |𝑿𝑀 ) = 𝑿𝑀,𝑖 𝛽𝑀,𝜃

Eq. (4)

and for women:
𝑄𝐹,𝜃 (𝑙𝑛 𝑤𝑎𝑔𝑒𝐹 |𝑿𝐹 ) = 𝑿𝐹,𝑖 𝛽𝐹,𝜃

Eq. (5)

The Melly (2006) approach can be described in the following steps:
Step 1: estimate the entire conditional distribution by quantile regression.
Step 2: obtain the unconditional distribution function by integrating the conditional
distribution function over a range of covariates.
Step 3: invert the unconditional distribution function (counterfactual distribution) to
obtain the unconditional quantiles of interest.
Since the conditional quantile function may not necessarily be monotonic and
impossible to invert, Melly (2006) proposed integrating the entire conditional
distribution function by integrating over the full set of covariates. Note that the
conditional cumulative distribution of wages is 𝐹𝑊 (𝑄𝜃 ) in equation (6), and the inverse
of the distribution function, 𝐹𝑤−1 (𝜃), is in fact, the quantile function:
𝜃 = 𝐹𝑊 (𝑄𝜃 ) = 𝐸[𝐹𝑊|𝑋 (𝑄𝜃 (𝑊|𝑋)) = ∫ 𝐹𝑊|𝑋 (𝑄𝜃 (𝑊|𝑋))𝑑𝐹𝑋 (𝑋)

Eq. (6)

Hence, in order to obtain our counterfactual quantile of interest, we need to invert the
−1
𝐶
counterfactual distribution of interest, 𝑄𝑀,𝜃
= 𝐹𝑊
𝐶 (𝜃). The counterfactual distribution
𝑀

The estimates were computed with Melly’s (2006) implementation of the “rqdeco” command in
Stata.
9
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uses the distribution of the characteristics of female workers with the wage structure of
male workers as follows:
𝐹𝑊 𝐶 (𝑊) = ∫ 𝐹𝑀,𝜃|𝑋𝑀 (𝑊|𝑋)𝑑𝐹𝑋𝐹 (𝑋)
𝑀,𝜃

Eq. (7)

The standard errors can be obtained by bootstrapping the results, but this technique is
computationally demanding and time consuming. To deal with this, Melly (2005)
constructed an analytical estimator of the asymptotic variance using the asymptotic
results for the parametric estimator.
Once the key counterfactual, 𝑄𝜃𝐶 = 𝑋𝐹,𝑖 𝛽𝑀,𝜃 is estimated, the wage gap of the
unconditional quantile function can be decomposed between the two genders:
𝐶
𝐶
Δ𝜃 = [𝑄𝑀,𝜃 − 𝑄𝑀,𝜃
− 𝑄𝐹,𝜃 ]
] + [𝑄𝑀,𝜃

Eq. (8)

The first term on the right-hand side represents the effect of characteristics (or the
quantile endowment effects) and the second term represents the effect of coefficients.
4.

Data and Econometric Specification of Wage Function
4.1 Data

The sample used was drawn from a nationally representative labour force survey – the
Continuous Sample Survey of the Population, CSSP based on the third quarter of 2012.
This survey is conducted by the national statistical office in Trinidad and Tobago. The
covariates include: potential experience, potential experience squared, dummies for
highest level of education obtained, marital status and ethnicity. In an expanded version
of the model controls for public versus private sector employment, occupation, and
industry were included (see Table 1 for variable definitions). The reference categories
include: primary school (education), unmarried (marital status), mixed/other
(ethnicity), private sector employee (type of worker), elementary occupations, and
social/personal services (industry). The problem of sample selectivity was not
addressed due to the paucity of appropriate variables in the CSSP.
Table 2 presents selected sample characteristics including the dependent variable (log
of hourly wages) and some of the covariates over both high and low quantiles. At the
lower end of the wage distribution there is a greater disparity between male and female
wages compared to the median and higher end of the distribution where both genders
have similar (log) hourly wages. At the 10th percentile men’s (log) hourly wages are
2.36 versus women’s wages of 2.29. However at the 90th percentile, both genders earn
equivalent wages. This is cursory evidence that women in Trinidad and Tobago’s labour
market may face “sticky floors” instead of a “glass ceiling”. Even though men and
women earn the same hourly wage at the top of the wage distribution and there appears
to be no glass ceiling, this may be hidden given that at the higher end of the wage
distribution women have a greater number of years of education than men. At the 90th
percentile women have three more years of education than men.
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Table 1
Variable Definitions
Variable
Total Earnings
Log Earnings
Education
Primary
Lower Secondary
Upper Secondary
Tertiary
Public Sector
Private Sector
Potential Experience
Potential Experience
Squared
Hours Worked
Married
Unmarried
African
Indian
Other
Industry
Occupation

Definition
Gross Monthly Job Related Earnings – in Trinidad and Tobago dollars
Natural Logarithm of Total Earnings
Years of Education
1 if worker’s highest level of education is primary schooling; 0 otherwise
1 if worker’s highest level of education is CSEC (Caribbean Secondary Education
Certificate)1; 0 otherwise
1 if worker’s highest level of education is CAPE (Caribbean Advanced Proficiency
Examinations)2; 0 otherwise
1 if worker’s highest level of education is some university education; 0 otherwise
1 if the worker works for either a statutory board, government state enterprise,
central government, or local government; 0 otherwise
1 if the worker works for a private enterprise; 0 otherwise
Years of potential job experience = Age – (Years of) Education - 5
Years of potential job experience squared
Number of hours worked in the previous week
1 if the worker is married and currently living with spouse, or living with a commonlaw spouse; 0 otherwise
1 if the worker is not married/never had a partner, married but now living alone, or
had a partner but now living alone; 0 otherwise
1 if the worker is of African descent; 0 otherwise
1 if the worker is of East Indian descent; 0 otherwise
1 if the worker is of Mixed/Other ethnicity; 0 otherwise
Industries were classified based on the revised Standard Industrial Classification
2000 for Trinidad and Tobago (TTSIC)
Occupations were classified based on the National Occupational Classification of
Trinidad and Tobago (NOCTT)

1 Caribbean Secondary Education Certificate (CSEC) examinations are usually taken by students after five years of
secondary school, and are equivalent to the GCE Ordinary Level (O-Levels) examinations.
2 Caribbean Advanced Proficiency Examinations (CAPE) are equivalent to the British Advanced Levels (A-levels), and are
voluntary qualifications that are intended for university entrance.

Table 2
Selected Sample Characteristics
Mean
Male
Log of hourly wages

p10

Female

Male

p50

Female

Male

p90

Female

Male

Female

3.90

3.90

3.28

3.17

2.36

2.29

3.19

3.20

Age

37

37

32

37

37

37

40

38

Potential Experience

22

21

18

22

22

22

24

18

Years of Education

10

11

9

10

9

10

11

14

Graph 1 shows the percentages of workers (densities) at every point of the income
distribution for the log of hourly wages, and is estimated using an Epanechnikov kernel
estimator. At lower levels of wages, there is a higher concentration of women than men.
The male curve is taller and thinner, which indicates that the male wage distribution is
more condensed than the corresponding function for females. Further, the distribution
of male wages is farther to the right, which is consistent with men receiving higher
average wages than women. The Kolmogorov-Smirnov test for equality of distribution
functions indicate that (log) hourly wages for the both genders do not have the same
distribution function.
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Graph 1
Kernel Density Estimate of the Wage Distribution
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The mean of log hourly wages in the public sector is higher for both men and women
compared to the mean of log hourly wages in the private sector. Graphs 2 and 3 depict
the kernel density functions of log hourly wages in the public and private sectors,
respectively. In the private sector, the distribution of male wages is farther right
indicating that they receive higher wages than women. The distribution of wages for
both men and women in the private sector is more compressed than in the public sector.
This finding is contrary to other countries, such as Germany where wages in the public
sector are more compressed (Melly, 2005). For both genders, the private sector
earnings distribution is characterised by a higher density function around the mode.

Graph 2
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Graph 3
Private Sector
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Graph 4 depicts the deviation of (gross) monthly wages from the national average for
men and women by occupational classifications. For lower level occupations, such as,
elementary workers, sales workers, and clerical staff, for women, their wages are much
lower than the national average and considerably lower than their male counterparts.
For higher-end occupations, such as professionals and managers, the (positive)
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deviation from the monthly national average of wages is less for women compared to
men’s wages in such occupations.

Graph 4
Deviation of Gross Monthly Wages from National Average by Occupation
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Results
5.1 Earnings Functions

Tables 3 and 4 present the estimates from OLS regressions and quantile regressions at
the 25th, 50th and 75th percentiles run on separate wage functions for men and women.
Table 3 presents the results from the human capital theory (Mincer-type wage
equations), while the estimates in table 4 include controls for sector of employment,
occupation and industry.
In the human capital theory specification, a Wald test shows that the intercept terms for
both genders are significantly different from each other across the quantiles. The male
intercept term is higher than that for females throughout the wage distribution,
indicating that regardless of their productivity levels, men enter the labour market at an
advantage over women. This may be due, in part, to discriminatory practices by
employers but may also be the consequence of men being more successful at negotiating
higher pay packages than women. Discussion with the Chief Executive Officer at a
leading business performance improvement consultancy firm based in Trinidad
indicated that, in her opinion, one of the main reasons for the existence of the gender
wage gap in Trinidad and Tobago is that women were not as confident as men when
negotiating their pay packages and they tend to undersell themselves in the workforce.
In the psychology literature, there is evidence that men systematically overestimate
their own abilities when predicting their future performances, while females tend to
underestimate their future performance (see Maccoby and Jacklin, (1974), Frieze et al,
(1978), and Kahneman et al (1982) for discussion of this evidence).
As expected, the returns to schooling increase with the attainment of higher
qualifications for both men and women. Degree holders have the greatest advantage as
the coefficient on tertiary education is positively significant and greater than other
qualification dummies. However, Wald tests show that for every level of education
obtained, the returns to education10 do not differ significantly from each other across the
quantiles in the case of both men and women. Women experience higher returns to
education than men, with returns ranging between 239.4 percent and 270.2 percent,
while the returns to education for men range between 229.0 percent and 253.6 percent.
Returns to education were calculated at the exponential of the corresponding coefficient minus
one.
10

11

6,000

The return to (potential) experience is statistically significant for both men and women
across the entire distribution of wages, except for men at the lower end of the
distribution.
Married men appear to earn a wage premium compared to their unmarried
counterparts. However, this premium decreases as you go up the wage distribution. At
the 25th percentile, married men receive a wage premium of 17.6 percent, but this
decreases to 9.4 percent at the 75th percentile. Marital status is not a statistically
significant determinant of wages for women. Anecdotal evidence in Trinidad and
Tobago (based on discussion with the CEO of a consultancy firm operating in Trinidad –
referenced above) shows that employers do consider marital status in their hiring
decisions, especially in this new age of uncertainty; but it does depend on the role –
some roles require travel so family-life (including marital status) is always a
consideration when hiring for particular roles/positions. Some employers prefer a
young single educated female over a young and newly married educated female
employee. In addition, the CEO noted that married men tend to negotiate for a higher
salary often times citing he has a family as his reason for demanding a higher salary.
There is also greater pressure on a married man with respect to his relationship at home
to earn more and provide for his family; the man’s ego also plays a role in ensuring his
earning status.
Meanwhile, ethnicity is not statistically significant for men throughout the entire wage
distribution, but is statistically significant for women of East Indian descent at the 75th
percentile – these women earn 11 percent less than women of mixed or other
ethnicities. The base category “mixed/other” includes minority ethnicities such as
White, Syrian/Lebanese and Chinese, all ethnic groups which have historically had a
higher social status in Trinidad and Tobago compared to the two major ethnic groups –
Indian and African (Olsen and Coppin, 2001).
In the full model, the returns to education for both men and women and across all the
quantiles estimated more than halved compared to the human capital theory
specification. In other words, based on the full model, about half of the returns to
schooling are accounted for by the choice of sector of employment – private or public,
occupation, and industry. Again, the returns to (all levels of) education for men and
women are not statistically different from each other across the various quantiles
estimated with the exception of tertiary education at the 75th percentile. Noteworthy is
that compared to the human capital model where women enjoyed higher returns to
education, in the full model this is reversed. In the full model men benefit from higher
returns to tertiary education across the entire distribution of wages – their returns
range between 82.9 percent and 95.2 percent, whereas women returns to tertiary
education range between 49.5 percent and 65.5 percent.
Throughout the wage distribution both men and women working in the public sector
enjoy wage premiums over their counterparts employed in the private sector. Women,
however, receive a higher wage premium working the public sector compared to their
male counterpart. Notably, at the 75th percentile women receive significantly higher
wage premiums compared to men – 30.1 percent versus 18.6 percent. This
substantiates the results from the BO decompositions where it was found that there is a
significantly higher (pure) wage gap in the private sector (23.0 percent) compared to
the public sector (3.2 percent)11 – Table 6. Given that female public sector workers
throughout the wage distribution receive at least a 30.0 percent premium over female
The (pure) wage gaps in both the public and private sectors in 2012 are lower than in 1993
when they measured 6.3 per cent and 32 per cent, respectively (Coppin and Olson, 2007). This
lowering of the gender wage gap in the public sector may be due to the passing of the Equal
Opportunity Act in 2000.
11
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private sector employees may be evidence that the government of Trinidad and Tobago
is attempting to counteract discriminatory practices with employment and pay that
occurs in the private sector.

Table 3
Earnings Functions for Men and Women – OLS & Quantile Regressions
(Human Capital Theory)
VARIABLES

OLS_m

OLS_f

QR_m25

QR_f25

QR_m50

QR_f50

QR_m75

QR_f75

Potential Experience

0.011***

0.020***

0.007

0.015**

0.013***

0.019***

0.015**

0.015***

(0.004)

(0.005)

(0.006)

(0.007)

(0.005)

(0.005)

(0.006)

(0.005)

1.21E-05

-2.22E-04**

8.50E-05

-1.23E-04

-5.52E-05

-1.72E-04

-5.66E-05

-1.14E-04

(8.40E-05)

(9.82E-05)

(1.18E-04)

(1.33E-04)

(9.39E-05)

(1.20E-04)

(1.26E-04)

(1.28E-04)

0.226***

0.205***

0.281***

0.220***

0.216***

0.213***

0.216***

0.288***

(0.037)

(0.051)

(0.050)

(0.058)

(0.046)

(0.070)

(0.036)

(0.058)

0.536***

0.595***

0.540***

0.618***

0.522***

0.615***

0.590***

0.654***

(0.041)

(0.054)

(0.048)

(0.055)

(0.057)

(0.073)

(0.041)

(0.065)

1.197***

1.221***

1.233***

1.303***

1.191***

1.309***

1.263***

1.222***

(0.062)

(0.052)

(0.075)

(0.075)

(0.077)

(0.071)

(0.108)

(0.061)

0.146***

-0.004

0.176***

0.033

0.154***

-0.022

0.094***

0.030

(0.029)

(0.033)

(0.041)

(0.049)

(0.033)

(0.036)

(0.034)

(0.042)

0.010

-0.037

-4.24E-04

-0.052

-1.44E-16

-0.052

0.011

-0.110*

(0.039)

(0.046)

(0.060)

(0.063)

(0.041)

(0.051)

(0.038)

(0.061)

0.034

-0.029

0.043

-0.056

0.038

-0.042

0.021

-0.032

(0.039)

(0.045)

(0.064)

(0.064)

(0.048)

(0.048)

(0.042)

(0.060)

2.603***

2.394***

2.326***

2.120***

2.595***

2.378***

2.839***

2.706***

(0.061)

(0.072)

(0.092)

(0.093)

(0.071)

(0.096)

(0.078)

(0.093)

Potential Experience

2

Education
Lower Secondary
Upper Secondary
Tertiary
Marital Status
Married
Ethnicity
Indian
African

Constant

Observations
1,157
849
1,157
849
1,157
849
1,157
849
Note: For OLS regressions robust standard errors in parentheses and for quantile regressions bootstrapped standard errors using 200
replications in parentheses. *** p<0.01, ** p<0.05, * p<0.1
Dependent variable is the log of hourly wages. Base dummy variables are: Education - primary school; Marital Status - unmarried; Ethnicity mixed/other.
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Table 4
Earnings Functions for Men and Women – OLS & Quantile Regressions
(Human Capital Theory & Controls for Occupation and Industry)
VARIABLES
Potential Experience
Potential Experience

2

Education
Lower Secondary
Upper Secondary
Tertiary
Sector of Employment
Public Sector
Occupation
Machine Operator
Craft Worker
Sales Worker
Clerical
Technician
Professional
Manager
Industry
Agri/Fishing
Mining/Quarrying
Manufacturing
Electricity/Gas/Water
Wholesale/Retail
Transport/Communication
Finance/Insurance
Construction

OLS_m
0.006
(0.004)
2.39E-05

OLS_f
0.019***
(0.004)
-2.40E-04***

QR_m25
0.007
(0.005)
-1.54E-05

QR_f25
0.019***
(0.005)
-2.22E-04*

QR_m50
0.007
(0.004)
-7.29E-07

QR_f50
0.016***
(0.004)
-1.66E-04*

QR_m75
0.005
(0.005)
4.17E-05

QR_f75
0.014***
(0.005)
-1.88E-04**

(7.77E-05)

(8.23E-05)

(9.85E-05)

(1.16E-04)

(8.52E-05)

(9.48E-05)

(1.04E-04)

(9.44E-05)

0.124***
(0.035)
0.318***
(0.042)
0.705***
(0.074)

0.086*
(0.047)
0.246***
(0.053)
0.502***
(0.065)

0.118**
(0.048)
0.281***
(0.051)
0.650***
(0.109)

0.109
(0.069)
0.236***
(0.076)
0.504***
(0.105)

0.137***
(0.037)
0.312***
(0.045)
0.669***
(0.069)

0.115**
(0.053)
0.266***
(0.055)
0.497***
(0.081)

0.110**
(0.044)
0.305***
(0.058)
0.604***
(0.121)

0.088
(0.065)
0.246***
(0.072)
0.402***
(0.085)

0.226***
(0.030)

0.338***
(0.044)

0.283***
(0.046)

0.323***
(0.080)

0.273***
(0.033)

0.346***
(0.043)

0.186***
(0.036)

0.301***
(0.057)

0.240***
(0.042)
0.205***
(0.033)
0.253***
(0.044)
0.189***
(0.059)
0.381***
(0.045)
0.521***
(0.097)
0.616***
(0.083)

0.153
(0.214)
0.443***
(0.119)
0.135***
(0.047)
0.311***
(0.044)
0.592***
(0.055)
0.853***
(0.066)
0.767***
(0.087)

0.264***
(0.049)
0.187***
(0.043)
0.249***
(0.071)
0.216***
(0.071)
0.443***
(0.064)
0.457***
(0.151)
0.550***
(0.137)

0.241
(0.422)
0.306
(0.211)
0.108
(0.075)
0.361***
(0.083)
0.561***
(0.091)
0.915***
(0.103)
0.680***
(0.159)

0.248***
(0.054)
0.203***
(0.038)
0.263***
(0.059)
0.169*
(0.089)
0.398***
(0.049)
0.609***
(0.093)
0.645***
(0.112)

0.221
(0.183)
0.380***
(0.120)
0.158***
(0.059)
0.333***
(0.047)
0.679***
(0.067)
0.906***
(0.080)
0.760***
(0.122)

0.359***
(0.053)
0.239***
(0.045)
0.384***
(0.060)
0.225***
(0.070)
0.418***
(0.070)
0.745***
(0.167)
0.713***
(0.130)

0.126
(0.359)
0.406**
(0.203)
0.135**
(0.062)
0.241***
(0.058)
0.630***
(0.069)
0.825***
(0.086)
0.837***
(0.147)

-0.078
(0.093)
0.482***
(0.064)
0.186***
(0.044)
0.287***
(0.071)
0.029
(0.043)
0.191***
(0.053)
0.216***
(0.065)
0.108***
(0.033)

-0.098
(0.157)
0.159
(0.146)
0.158**
(0.069)
0.418***
(0.162)
0.015
(0.049)
0.140**
(0.071)
0.268***
(0.052)
-0.202***
(0.076)

-0.151
(0.158)
0.471***
(0.081)
0.186***
(0.062)
0.251*
(0.152)
0.062
(0.059)
0.167***
(0.060)
0.257**
(0.107)
0.171***
(0.044)

-0.273
(0.313)
0.351
(0.286)
0.144
(0.106)
0.332
(0.277)
0.029
(0.083)
0.034
(0.111)
0.323***
(0.076)
-0.354**
(0.140)

-0.087
(0.134)
0.404***
(0.071)
0.149***
(0.051)
0.276***
(0.080)
0.034
(0.051)
0.158**
(0.076)
0.139**
(0.066)
0.063*
(0.034)

-0.063
(0.187)
0.189
(0.154)
0.161**
(0.072)
0.470**
(0.218)
0.037
(0.047)
0.12
(0.110)
0.275***
(0.049)
-0.152
(0.100)

0.076
(0.153)
0.475***
(0.107)
0.240***
(0.068)
0.379***
(0.096)
0.005
(0.052)
0.262***
(0.075)
0.217**
(0.108)
0.103**
(0.044)

0.092
(0.203)
0.086
(0.136)
0.152
(0.108)
0.480***
(0.108)
-0.044
(0.063)
0.134
(0.094)
0.227***
(0.062)
-0.041
(0.090)

Constant

2.464***
2.196***
2.207***
2.003***
2.491***
2.202***
2.707***
2.565***
(0.060)
(0.072)
(0.082)
(0.113)
(0.078)
(0.094)
(0.081)
(0.111)
Note: For OLS regressions robust standard errors in parentheses and for quantile regressions bootstrapped standard errors using 200
replications in parentheses. *** p<0.01, ** p<0.05, * p<0.1
Dependent variable is the log of hourly wages. Base dummy variables are: Education - primary school; Marital Status - unmarried; Type of
Worker – private sector; Occupation – Elementary Occupations; and Industry – Social/Personal Services.
Marital status and ethnicity are included, but not reported.
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5.2 Decompositions of Log Income Equations
In order to decompose the differences in the wage distribution into differences in the
coefficients and differences in the workers attributes (characteristics), we apply the
Oaxaca-Blinder decomposition and the Machado and Mata (2005)/Melly (2006)
procedure described in section 3 with the number of replications set to 200. As was
previously stated, the Machado and Mata (2005) and Melly (2006) decomposition
techniques do not allow for detailed decompositions so that the effect of individual
covariates on the wage gap cannot be estimated. Nonetheless, table 5 contains a
summary of the decomposition of the wage gap delineating a portion attributable to
differences in characteristics (“explained” component) and a portion attributable to
differences in coefficients (“unexplained” component). The counterfactual-based
estimates of the wage differential are for five selected quantiles ranging between the
10th and 90th percentiles including the 25th, 50th, and 75th. The figures are presented in
exponential form for ease of interpretation (recall that the dependent variable is the log
of hourly wages); figures greater than unity indicate a widening of the gap whereas
figures less than unity indicate a closing of the gap.
Based on the mean regression (OLS) decomposition used in the Oaxaca methodology,
the raw gender wage gap is 11.4 percent in the full model. The results of the MM
(2005)/Melly (2006) decomposition technique, based on quantile regressions, show
that OLS underestimated the extent of the wage gap at the lower end of the wage
distribution (25.1 percent) and was unable to reveal that there is little to no wage gap at
the higher end of the distribution. Given that the differential is greatest at the lower end
of the wage distribution, this is an indication that women in Trinidad and Tobago face a
“sticky floor” rather than a glass ceiling.
In terms of the “explained” component, if women had the same characteristics as men,
their wages are estimated to decrease along the entire wage distribution. Recall that
throughout the wage distribution, women have at least one more year of education
more than men (Table 2). At the 10th percentile, women’s wages are estimated to
decrease by 6.0 percent if they had equivalent characteristics as men and by 12.7
percent at the 90th percentile. This result is not surprising given that at the 90th
percentile women have three more years of education than men (Table 2). Given these
results, the OLS estimation by its nature being a mean regression analysis, was unable to
capture this diversity in the explained component across the wage distribution. Based
on the OLS estimate, if women had the same characteristics as men, their wages would
decrease, on average, by 11.6 percent. Looking at the human capital model versus the
full model, at the 90th percentile, women’s wages are estimated to decrease by 22.6
percent in the human capital model (0.774 in Table 5), but the estimated decrease in
wages is much smaller in the full model at 12.7 percent (0.873 in Table 5). Higher
educational attainment at the 90th percentile allows women to enter into higher paying
occupations and industries.
The estimated impact of the unexplained component on wages decreases as you move
higher up along the wage distribution. This may be an indication that women face
greater discrimination at the lower end of the wage spectrum compared to higher paid
women. For instance, at the 10th percentile (low-paid women), for their given
characteristics, if women were to be paid based on the male wage structure, their wages
would increase by 33.0 percent whereas their wages would increase by much less (11.8
percent) at the 90th percentile (high-paid women). The Oaxaca decomposition is unable
to highlight these differences in the return to characteristics across the distribution of
wages. At the higher end of the distribution of wages (75th and 90th), women appear to
benefit less from working in particular occupations and industries as their wages are
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estimated to increase by 26.2 percent in the human capital model, but only by 11.8
percent in the full model which includes controls for occupation and industry.

Table 5
Wage Decompositions
Oaxaca Decomposition
HC Model

Full Model

Raw Difference

1.113

1.114

Explained (characteristics)

0.852

0.884

Unexplained (coefficients)

1.307

1.261

Machado and Mata (2005) / Melly (2006) Decomposition
HC Model

Full Model

Quantile .10
Raw Difference

1.277

1.251

Explained (characteristics)

0.923

0.940

Unexplained (coefficients)

1.385

1.330

Raw Difference

1.202

1.189

Explained (characteristics)

0.911

0.923

Unexplained (coefficients)

1.319

1.288

Raw Difference

1.080

1.095

Explained (characteristics)

0.870

0.891

Unexplained (coefficients)

1.242

1.229

Raw Difference

0.976

0.998

Explained (characteristics)

0.803

0.882

Unexplained (coefficients)

1.216

1.131

Raw Difference

0.976

.0976

Explained (characteristics)

0.774

0.873

Quantile .25

Quantile .50

Quantile .75

Quantile .90

Unexplained (coefficients)
1.262
1.118
Note: The figures are presented in exponential form for ease of interpretation. Figures greater
than unity indicate a widening of the gap whereas figures less than unity indicate a closing of the
gap.

5.3 Decompositions of Log Income Equations by Sector of Employment
In the overall sample, average (log) hourly earnings are higher in the public sector for
both men and women than in the private sector. In the sample more public sector
employees are, on average, more educated than private sector employees. For instance,
13.7 percent of the male employees in the public sector have achieved a university
degree and 40 percent of female public sector workers have a university degree. This
compares to just 5.1 percent and 11.3 percent for male and female private sector
employees with university degrees. Male public sector employees have more (potential)
labour market experience (25.5 years) compared to female public sector employees
(20.3 years) and both men and women (20.7 and 21.2 years) working in the private
sector. These differences in work experience and education may explain the higher
average wage of public sector employees. Another probable cause for the disparity in
average wages between public and private sector employees may be the greater
concentration of professionals and technicians in the public sector. Of all male public
sector employees, 14.5 percent are technicians while in the private sector only 9.2
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percent of all male employees are technicians. This disparity is even greater among
women, with 27.7 percent of all female public sector employees being technicians
versus only 15.9 percent of the female workforce being technicians in the private sector.
Based on the Oaxaca decomposition methodology we saw that there was a much larger
gender wage gap in the private sector (22.9 percent) compared to the public sector (3.2
percent) – Table 6. Given this finding, we also performed quantile decompositions
based on sector of employment to analyse the differences in the returns to coefficients
and differences in the returns to workers’ attributes along the wage spectrum. The
same covariates from the earlier human capital model and full model were used. These
results are summarised in Table 6.
The Oaxaca decomposition methodology masks the great variability in the size of the
gender wage gap along the wage distribution in both the public and private sectors. At
the mean (Oaxaca methodology), the gender wage gap in the public sector was 3.2
percent in both the human capital and full models, but based on the MM (2005)/Melly
(2006) quantile decomposition methodology, the wage gap is much larger at the lower
end of the wage distribution. At the 10th percentile, the gender wage gap is estimated to
be 30.1 percent and 22.8 percent in the human capital and full models, respectively. At
higher wages (90th percentile), women earn slightly higher wages (2.9 percent premium
in the full model) compared to male public servants. At the median, there is no wage
gap with men and women earning equivalent wages.
The estimated unexplained public sector wage gap varies strongly with θ (quantile
under consideration). For women, their wages are expected to increase by as much as
32.3 percent at θ = 0.10 if they were to be paid at the same rate as men for their given
characteristics, while their wages are estimated to decrease marginally by 1.4 percent at
θ = 0.90. The public sector has a wide pay dispersion (see graph 2) and therefore, has a
wide pay inequality which was previously hidden when the Oaxaca decomposition
method was used. The explained component of the public sector pay gap is more stable
over the wage distribution and does not vary very much with θ (in the full model).
However, at the higher end of the wage distribution, based on the human capital model,
female wages are estimated to decrease by 20.7 percent if they had the same
characteristics as men, and their wages are estimated to decrease by just 1.6 percent in
the full model. Also at the higher end of the wage distribution, based on the human
capital model, if women were to receive the same rate of return to characteristics as
men do (unexplained component), their wages are expected to increase by 24.6 percent,
but this disappears in the full model (which includes controls for occupation and
industry).
In the private sector, the gender wage gap is just over 25.0 percent at the lower end of
the wage distribution at the 10th and 25th percentiles. In the full model, at the 75th and
90th percentiles the wage gap falls to 16.0 percent and 12.0 percent, respectively. Given
that the wage gap is largest at the lower end of the wage distribution in both the public
and private sectors, women in Trinidad and Tobago face sticky floors irrespective of
their sector of employment. Notwithstanding this, there stills appears to have sizeable
amounts of discrimination (unexplained component) in the private sector along the
entire spectrum of wages. Throughout the wage distribution in the private sector, if
women were to be paid at the same rate as men for their given characteristics, their
wages would increase by approximately 22 percent.
These results show that the public sector pay gap is mostly prevalent at the lower end of
the wage distribution whereas there is a higher private sector gap throughout the entire
wage distribution. Interestingly, this contradicts with standard economic theory.
Becker (1957) has suggested that profit-maximising behaviour, which is the norm in the
private sector, conflicts with the practice of discrimination on the part of profitmaximising firms (“taste-based discrimination”). Nonetheless, one main reason why the
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male-female wage differential in the public sector may be smaller than in the private
sector is the fact that the pay system in the public sector is centralised. The Personnel
Department of the Government of Trinidad and Tobago, established by the Civil Service
Act 1965 (Chapter 23:01), is responsible for determining and advising on the pay and
other terms and conditions of service for employees within the public sector (public
service and statutory bodies). Also, Trinidad and Tobago enacted the Equal Opportunity
Act in 2000 which promotes equality in opportunity between persons of different status,
including sex.

Table 6
Wage Decompositions by Sector of Employment
Public Sector

Private Sector
Oaxaca Decomposition

Mean Analysis

HC Model

Full Model

HC Model

Full Model

Raw Difference

1.032

1.032

1.226

1.229

Explained (characteristics)

0.836

0.904

0.911

0.969

Unexplained (coefficients)

1.235

1.144

1.346

1.268

Machado and Mata (2005) / Melly (2006) Decomposition
HC Model

Full Model

HC Model

Full Model

Raw Difference

1.301

1.228

1.251

1.259

Explained (characteristics)

0.907

0.929

0.946

1.020

Unexplained (coefficients)

1.434

1.323

1.322

1.235

Raw Difference

1.035

1.062

1.253

1.253

Explained (characteristics)

0.886

0.917

0.931

1.014

Unexplained (coefficients)

1.169

1.158

1.345

1.235

Raw Difference

0.970

1.000

1.217

1.214

Explained (characteristics)

0.811

0.896

0.932

0.985

Unexplained (coefficients)

1.197

1.117

1.306

1.233

Raw Difference

0.921

0.913

1.152

1.160

Explained (characteristics)

0.832

0.929

0.896

0.948

Unexplained (coefficients)

1.106

0.983

1.285

1.224

Raw Difference

0.988

0.971

1.109

1.120

Explained (characteristics)

0.793

0.984

0.840

0.906

Unexplained (coefficients)

1.246

0.986

1.320

1.236

Quantile .10

Quantile .25

Quantile .50

Quantile .75

Quantile .90

Note: The figures are presented in exponential form for ease of interpretation. Figures greater
than unity indicate a widening of the gap whereas figures less than unity indicate a closing of the
gap.

6. Conclusions
The Caribbean region has historically been an understudied region in the economics
literature in terms of gender wage gaps, and the present study seeks to fill some of that
gap in the literature. Trinidad and Tobago is a two-island republic in the Caribbean and
even though it is classified by the World Bank as a high-income country, it is a
developing nation. This study builds upon previous work by exploring the gender wage
gap not only at the mean but throughout the entire wage distribution. Quantile
decompositions following the Machado and Mata (2005) and Melly (2006)
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methodologies were used to analyse the wage gaps for the overall working population
but also between the public and private sectors.
Previous research based on 1993 data for Trinidad and Tobago measured the gender
wage gap at 19 percent (Olsen and Coppin, 1993). In this current study, for 2012, the
pure wage gap has decreased to 11 percent. This reduction in the gender wage gap may
be due in part to the passing of the Equal Opportunity Act in 2000. The previous study
by Olsen and Coppin (1993) used the standard Oaxaca-Blinder (BO) decomposition
methodology, but this approach was unable to pick up the vast differences in the wage
gap for low and high income earners. For instance, at the lower end of the wage
distribution, the gender wage gap is much larger (25.1 percent) compared to the higher
end of wages where no gap exists. Additionally, the unexplained component of the
gender wage gap, which can (cautiously) be used as an indication of the extent of
discrimination in the labour market, reveals that lower-waged women face greater
discrimination. At the 10th percentile, if women received the same rate of return as men
for their characteristics, their wages are estimated to increase by 33 per cent whereas at
the 90th percentile their wages are estimated to increase by 11.8 percent.
The BO decomposition measured the average wage gap in the public sector at only 3.2
per cent. But, the quantile decomposition estimates that the public sector gender wage
gap is much higher at the lower end of the wage distribution – 22.8 per cent at the 10th
percentile – and there is no wage gap at the upper end of wages. Again, at the lower end
of the wage distribution women appear to face greater discrimination - in the public
sector, their wages are estimated to increase by 32.3 percent at the 10th percentile while
they enjoy similar rates of return to characteristics as men at the higher end of the wage
distribution.
The pure wage gap is much larger in the private sector, at 22.9 percent at the mean, but
is much larger at the lower end of the wage distribution. In the private sector, at the 10th
percentile the gender wage gap is 25.9 percent compared to 12.0 percent at the 90th
percentile. In the private sector it appears that female workers, regardless of their
position along the wage distribution, face a similar degree of discrimination - the
unexplained component reveals that throughout the wage distribution, if women were
to receive the same rate of return as men for their characteristics, their wages would
increase by 23 percent.
The results of the quantile decompositions show that Trinidad and Tobago’s labour
market does not have a glass ceiling, but female workers may face a sticky floor instead
as the wage gap is much larger for low-paid women compared to their high-income
counterparts. Notwithstanding this, the glass ceiling in Trinidad and Tobago may be
masked by the fact that on average women have more years of education than men – at
the 90th percentile, women have three more years of education than men. The results of
this study prove that public policy needs to be flexible enough to deal with the full range
of women’s experiences both at the top and at the bottom of the wage distribution.
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