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Abstract
I document the heterogenous impact of inflation shocks across the income distribution. I construct inflation news shocks based on forecast errors and nowcast
revisions of the IMFs inflation forecasts from 1991-2015 for 80 countries. Large
inflationary news shocks make income more concentrated at the top. A 100% increase in the inflation nowcast yields between 0.5 and 1 percentage point gain in
the relative income share of the richest income quintile, with proportionate losses
for everyone else. Across the income distribution, the effect of inflationary shocks
is asymmetric; the effect of a positive inflationary shock is larger in magnitude than
the effect of a negative inflationary shock.
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Introduction

Hyperinflation has made breaking news again. Venezuela has, following the oil price
collapse of 2014/2015, been struggling to maintain price stability, and the International
Monetary Fund (IMF) forecasts inflation to reach 10 million percent in 2019, accompanied by a large budget deficit that is financed entirely by an expansion in base money.
As a result of severe shortages of food and medical supplies, more than three million
refugees have migrated to neighbouring countries, which is possibly the largest exodus
Latin America has ever seen.1 In this paper I investigate the short-term consequences of
inflation surprises across the income distribution, from the poorest to the richest income
brackets.
A number of studies find a positive long-term relationship between inflation and income inequality (see for example Albanesi (2007), Romer and Romer (1998), Beetsma
and Van Der Ploeg (1996), Milanović (2000), Galli (2001) or Bulíř (2001)). However,
poor data availability and methodological challenges prevent any causal interpretation of
the existing empirical evidence. Also, the mentioned papers diverge on the direction of
effects; one side claims that higher income inequality sets the stage for higher inflation
(Albanesi (2007), and Beetsma and Van Der Ploeg (1996)) while the other claim that
higher inflation leads to higher inequality (Bulíř (2001) and Galli (2001)). Finally, none
of the mentioned papers attempt to isolate a short-term causal effect of inflation on the
distribution of income.
In this paper, I aim to fill this gap. First, I present descriptive evidence merging
recently available data on income inequality with consumption price data for about 100
countries, and document the evolution of income inequality before, during and after such
episodes, and compare to countries that did not experience hyperinflation. To allow for
a causal interpretation of results, I exploit the inflation forecasts in the International
Monetary Funds (IMF) World Economic Outlook, fall edition, for the following year
across a sample of about 70 countries, and construct the one-step ahead forecast error as
a measure of inflationary shocks for the time period 1991-2015. In addition, I exploit the
fact that the IMF makes two nowcast projections within-year, one in the spring report
and one in the fall report. Any nowcast revisions made to these forecasts should contain
the most unpredictable news about inflation arriving in country i at time t.
First, I find that a hyperinflationary shock of 1000 percent increases the income share
held by the top quintile by two percentage points, with proportionate losses for all the
1

See report on Venezuela from the IMF here, https : //blogs.imf.org/2018/07/23/outlook−f or−the−
americas − a − tougher − recovery/ as well as IMF’s World Economic Outlook, October 2018 accessed at
https://www.imf.org/en/Publications/WEO/Issues/2018/09/24/world-economic-outlook-october-2018
and report from the UN here: https://www.unhcr.org/news/press/2018/11/5be4192b4/numberrefugees-migrants-venezuela-reaches-3-million.html accessed in January 2019.
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lower income quintiles. However, a nowcast revision news shock has an even larger impact;
a 100% upward revision of the inflation nowcast, consistent with immediate news about
hyperinflation, yields a gain for the richest income quintile of between 0.5 and 1 percentage
points. A test for whether the responses across the income distribution are symmetric
suggests that there are asymmetries across the distribution. While a positive inflation
shock has the mentioned effects on the change in income shares, a negative inflationary
shock has a nil effect.

(a) Inflation>100%

(b) Inflation>500%

(c) Inflation>100%

(d) Inflation>500%

Figure 1 Change and density of the Gini index for two different definitions of
hyperinflation.
Simple cross-sectional plots of the data strongly motivated this study. Figure 1 displays the development of the Gini inequality index before during and after hyperinflation
episodes, for two different definitions of hyperinflation. In Panel (a), the grey bar shows
the average annual change in the Gini index for country-years with inflation rates below
100 %, while the black bar shows the average change in the Gini index for country-years
with inflation above 100 % (hyperinflation years). As can be seen from the black bar,
3

during country-years of hyperinflation, the Gini index gained one point on average, compared to country-years with no hyperinflation, which saw a slight decline in the Gini
index. Panel (b) shows the same as in the upper left panel, but with a hyperinflation
threshold of 500 %. As can be seen, the Gini inequality index on average gains approximately 2.5 points in hyperinflation country-years compared to non-hyperinflation years
when the threshold is 500 %. Panel (c) shows the density of the Gini index in the year
directly preceding one or several hyperinflation years (grey line) and the density of the
Gini index for the year directly following one or several hyperinflation periods, for inflation levels above 100 %. The density of the Gini index moves to higher levels of income
inequality after a hyperinflation episode. Panel (d) shows the same, but for a hyperinflation threshold of 500 %. This time, the shift in the distribution mass to higher levels of
inequality after hyperinflation episodes is even more pronounced.
The line of argumentation for why poor households are hurt the most from very high
inflation is fairly straightforward. First, poor households more often use cash as a means
of economic transactions ((Mulligan and Sala-i Martin, 2000); (Avery et al., 1987)) and
hold more of their wealth in cash relative to the rich (see Kessler and Wolff (1991) and
Kennickell and Starr-Mccluer (1997). Second, they have less debt than rich households.
Third, they less frequently have their wages indexed to inflation. Fourth, they have less
access to financial hedges against inflation, and finally, they seldom own export-oriented
businesses that can earn foreign currency. Moreover, and possibly as a result of the
mentioned mechanisms, the poor fear inflation more than rich households, as shown by
Easterly and Fischer (2001).
Despite this abundance of empirically testable predictions, empirical research into
the short-term distributional impact of hyperinflation is very scarce, and virtually no
rigourous empirical study can be retrieved that study the phenomenon. Bulíř (2001) is
the only exception, using a cross-sectional sample of up to 75 countries to show that the
Gini index is on average higher in countries that have experienced hyperinflation.
However, there are several caveats about the study, mostly related to data and
methodological constraints. First, the data set is purely cross-sectional, with 75 observations, and the results are obtained from comparing levels of the Gini index across
countries. The variables’ values are single snapshots of the Gini index and inflation for
different years depending on availability, in the period 1970-1990, for the 75 countries at
hand. As such, there will likely be confounding factors affecting both the level of income
inequality and the prevalence of hyperinflation across countries, and this introduces a
serious omitted variable bias. As an example, one could easily argue that more unequal
countries have inherently poorer economic institutions and thus have a higher probability
of serious macroeconomic mismanagement and hyperinflation, and the result would sim4

ply be an artifact of differences in average institutional quality across countries. Second,
the hyperinflation sample only consists of four countries (and thus four hyperinflation
events), which limits the analysis.
Galli (2001) studies the long run relationship between inflation and inequality and
finds "...examples of both positive and negative correlation, producing what we have called
the inflation-inequality puzzle." However, the authors themselves write that scarcity of
data (60 observations) hampers the study, and only 15 countries are included in the data
set.
This paper overcomes the earlier shortcomings of data and methodology by using a
more comprehensive data set as well as a clear strategy for identification of a causal
effect of hyperinflation events on changes in the distribution of income. The structure
of the paper is as follows: Section 2 describes the data, Section 3 details the empirical
strategy, 3.1 presents the results for all income quintiles and deciles, while 4 addresses
some robustness concerns, and 5 concludes.

2
2.1

Data
Construction of inflation news shocks

The IMF is one of the leading providers of worldwide macroeconomic forecasts on an
annual frequency. Independent assessments of the Funds forecasting activities find that
IMF’s forecasts of inflation are not consistently biased in one direction or the other and
that the forecasts are in general similar to that of the consensus forecasts, see evaluations
by Genberg and Martinez (2014), Timmermann (2007) or Artis (1996).
The IMF inflation forecasts from 1991-2015 are retrieved from the Historical WEO
Forecasts Database. The database covers every issue of the World Economic Outlook
since 1990. The report is biannual, with one report released every six months, one in
April and one in October. Every issue contains forecasts for GDP growth, annual growth
rate of the consumer price index (CPI), current account and fiscal balance for more than
180 countries. I constructed the inflation forecast error series for each country by fetching
the annual fall reports forecast for annual CPI growth for the following calendar year,
across all countries. Next, I collected the actual inflation that was recorded in the year,
after final revisions.
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I construct three inflation news shocks:
• Absolute forecast error The baseline inflation news shock is the difference between the actual and the forecasted values, AEi,t+1 = Ai,t+1 − Fi,t . The advantages
of this measure is that it is easy to grasp, and, since it is in absolute levels, it reflects
well the severity of inflation for large forecast errors. The logarithm of the absolute forecast error can be inspected in Figure 3, with the density of the standard
normal distribution superimposed. As can be seen, the mean of the forecast errors
are positive. This is not surprising, since large deflationary shocks are relatively
uncommon, as well as less in magnitude than large inflationary shocks.
Importantly, the forecast error in year t appear to be uncorrelated with the forecast
error made the previous year (correlation coefficient = 0.00), which implies that
there is no systematic bias in the forecast. However, there are at least two caveats
about only using the absolute error.
• Weighted Absolute forecast error Interaction between the absolute forecast
error and the relative error, which is defined as REi,t+1 = (Ai,t+1 −Fi,t )/(Ai,t+1 ). The
absolute forecast errors do not provide any information as to how large the forecast
error is in relative terms, i.e. how big is the surprise relative to the level of inflation
in relative terms. Second, the absolute forecast error is likely to be larger in periods
when inflation is high and volatile, which occur through much of the period for some
countries. Alternatively, using only relative forecast errors as inflation news shocks
has the drawback that it provides no information of the severity of inflation, which
is crucial to address the research question. To reconcile these concerns, the second
inflation news shock is an interaction between the absolute and relative error. This
allows both the relative (the amount of surprise) and the absolute (the amount of
inflation) error to comprise the inflation news shock.
• Nowcast revision The change in the forecast of inflation for year t between the
spring and fall report of year t, Ri,t = Fi,Octobert − Fi,Aprilt . To construct the third
inflation news shock, the nowcast revision , I take the change in the forecast for
the year at hand between the spring edition and the fall edition of the WEO. This
should reflect well the immediate news about inflation in year t.
Earlier work studying the effects of high inflation have defined hyperinflation as being
above some threshold, which to some degree has been arbitrarily chosen. For example,
one of the most common definitions of hyperinflation is by Philip Cagan in Friedman
(1956), at a monthly rate of inflation exceeding 50 percent. However, this compounds
to an annual growth rate of nearly 13,000 percent, which would leave only two events in
6

the sample period at hand. Hence, in this paper, I use all variation in inflation across
countries.
To give some flavour to the type of inflation forecast errors that occur in the data,
Figure 2 shows the historical forecasts and actual annual inflation rate across four countries.
In Venezuela, the forecast has been able to track actual inflation reasonably well,
but the magnitude of large spikes observed in 1996 and from 2015 have evidently been
difficult to forecast. In 1996, the relaxation of exchange rate and price controls was to
blame for inflation reaching nearly 100 percent. While the direction of the effect from
relaxing price controls was clear, the magnitude of the effect on price growth was hard to
predict, and this yields a forecast error. In oil-producing Norway, there was an uptick in
inflation from 2005 to 2008 onwards due to the oil price strengthening over this period,
leading to an activity boom in the oil-fueled Norwegian economy, but the magnitude of
the uptick was a surprise to the IMFs forecast.
In Cameroon, the devaluation of the Franc in 1994, partly initiated by the IMF, led
the forecasters in the fall report of 1994 to project a 20% price growth in 1995. Yet, actual
inflation came in at 30 %. Clearly, the devaluation was incorporated in the forecast for the
coming year, but the magnitude was difficult to predict In the UK, the largest inflation
surprise in this period is seen in 2011, when energy price shocks and a higher VAT added
to price pressures, against a backdrop of slow economic activity. This surge in consumer
prices took forecasters by surprise.
Figure 2 IMF forecasts and actual inflation for selected countries

7

The measures of income inequality used in this paper are the relative shares of total
income held by quintiles (deciles) of the population. Data on these income inequality
measures has been retrieved from the UNU-WIDER, World Income Inequality Database
(version WIID 3.4, January 2017). This a recent data from 2017, and the database is
considered to be the most accurate source of global data on historical income inequality,
according to an assessment made by Jenkins (2015). Importantly, the income inequality data contains information from multiple sources on income distributions for many
country-years. Also, the values sometimes differ across sources. As a parsimonious, but
useful, approach, I have collapsed the information from across sources by the mean value
for each country year. However, each data point is labeled according to the reliability of
the source, and the corresponding quality of the data. The quality scale is 1-4, where 1-2
is average and high quality, respectively, and 3-4 is low and unknown quality, respectively.
In the database, 76 % of the observations on income inequality have high or average quality, while 24 percent are of low or unknown quality. Otherwise, refer to Section 5 for more
on data quality and robustness. Earlier applications of this data source include Acemoglu
et al. (2015), Leigh (2007) and Teulings and Van Rens (2008). The data set covers the
years 1961-2015, and the sources of the data are extensively documented on the webpages
of The United Nations University World Institute for Development Economics Research.2
Table 1 shows the main summary statistics.

3

Empirical framework

I set up a relatively straightforward model that tests whether news shocks about
inflation impacts the income share of the jth income quintile(decile) in country i at time
t.
Income sharejit = β1 N ewsit + Xit + λi + µt + it ,

(1)

where Income sharejit is the relative income share of the jth income quintile(decile) at
time t for country i, N ewsit is the inflation news shock, as defined by either the absolute
forecast error of inflation, the weighted absolute forecast error or the nowcast revision,
Xit are country-controls, most notably the forecast error of output, λi capture all timeinvariant country confounders, such as the average income share for each country and
income decile(quintile) over the sample period, of the average forecast error over the time
period for country i, µt captures all aggregate annual changes across countries, such as
the average income shares and inflation forecast error across countries within each year,
2

For
detailed
description
of
the
data
https://www.wider.unu.edu/about/country-documentation
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sources

country-by-country,

see

and the error term, it , are clustered on both year and country.

3.1

Baseline results

Figure 4 shows an overview of the main results from the estimation of Equation 1 on
change in income shares of the income quintiles (deciles) of the income distribution. Panel
a) and b) shows the effect of a one percent (absolute forecast error) inflation news shock
on changes in income shares for the different income quintiles and deciles, respectively. In
panel a), a unanticipated inflationary shock has a negative effect on the income shares of
all but the top 20 % of the income distribution. A one percent inflation surprise decreases
the income shares of quintiles 1-4 between 0.0005 and 0.001 percentage points, and the
decrease is statistically significant. Hence, it takes a very large inflationary shock to move
income shares by a large amount; a 100 % inflationary news shock reduces income shares
by between 0.05 and 0.1 percentage points and a very large inflationary shock of 1000%
reduces their income shares by between 0.5 and 1 percentage points. The lost income
shares of quintiles 1-4 accrue to the top income quintile. A one percent inflation news
shock yields just above 0.002 percentage point increase in the income share of the top
income quintile. Consequently, a 1000% inflationary news shock yields an increase in
income share of two percentage points for the top 20% highest earners.
Panel b) shows the same estimation but this time the heterogenous effects are shown
across deciles of the income distribution. As can be seen, the effect of a one percent
inflationary news shock shows the same overall pattern as for the quintiles of the income
distribution. All but the two top income deciles and the bottom income decile lose
income shares. However, the more disaggregated income shares shows that it is the top
10% earners that account for the gain in relative terms, while the second highest decile
only see a very modest increase in relative income share. A one percent inflationary
news shock yields an increase in the income share of the top 10% by 0.002 and 0.0025
percentage points. Hence a very large inflationary news shock of 1000% gives an increase
of between 2 and 2.5 percentage points in the income share of the highest-earning decile.
This gain is offset by losses across the income deciles 1-7, of between 0 and 0.0005.
I panels c) and d), I turn to the second definition of inflationary news shock, the
weighted absolute forecast error. This news shock allows the effect of the absolute forecast
error to depend on the relative amount of error of the forecast. i.e. the amount of surprise.
Panel c) shows the total effect of an absolute forecast error, when it is interacted with the
relative error. Although there are more uncertainty of the magnitudes, the bars show that
the effect depends strongly on the surprise-component of the inflationary news shock.
Since both the relative and the absolute error are in logs, the bars show the effect
of a 100% inflationary shock if the shock is a 100% surprise (i.e. the actual inflation is
9

double the forecasted value). In such an instance, the income share of the three bottom
quintiles drops by about 0.2 to 0.25 percentage point, or 0.7 percentage points combined,
and the fourth quintile loses about 0.2 The top quintile gains proportionately mush in
income share, which increases by about 0.9 percentage points. In Panel d) I show results,
also for the absolute forecast error, when it is interacted with the relative error, for
income deciles across the entire distribution. Once again, the pattern from the quintile
regressions appear, and again, the disaggregated income data show that it is only in the
top 10% decile that relative income shares are gained.
Finally, in Panels e) and f), I turn to the news shock defined as a nowcast revision,
which is the change in the inflation forecast from the spring report to the fall report in
year t of the forecast for year t. Hence, it contains immediate and unexpected inflation
news impacting the information set available to the forecasters. Panel e) shows the results
from utilizing this inflation news shock on the income quintiles. The bars show the effect
of a 100% forecast revision on the quintiles of the income distribution. As can be seen, the
three lowest income quintiles lose income shares in there range of 0.1 to 0.25 percentage
points, and for all the quintiles, the loss is statistically significant. The top quintile gains
proportionately much but, and the gain is between 0.5 and 1 percentage points. Panel
f) shows the estimation results for the deciles of the income distribution. The pattern
is similar as the other results, and once again, the only income decile gaining in relative
terms is the top 10%. Overall, the main result is that all quintiles and deciles of the
income distribution lose in relative terms vis-a-vis the top 10% earners when an economy
is hit by a large and unexpected inflationary shock.

4

Extension and robustness

Is the response of income shares to changes the inflationary news shocks symmetric?
A plausible hypothesis is that it is not, since the negative inflationary news shocks does
not (necessarily) mean that price growth is negative or that the poor income quintiles
receive a real wage increase. In short, negative inflationary news shock simply mean
that inflation turned out surprisingly low. A straightforward test of symmetry is to
employ the method used in Kilian and Vigfusson (2011). It entails keeping the original
variable measuring both positive and negative inflationary news shocks, but adding a
variable that contains only the positive inflation news shocks. This allows both increases
and decreases to affect relative income shares separately. As explained in Kilian et al.
(2009), this specification produces consistent estimates regardless of whether the true
data generating process is symmetric or asymmetric. It also avoids the asymptotic bias
that can arise from simply censoring the inflation news shocks into two different variables,
10

one containing only negative shocks and the other only positive shocks. The specification
is then written as
Income sharejit = β1 N ewsit + β2 N ews+
it + Xit + λi + µt + it ,

(2)

where Income sharejit is the change in the relative income share of the jth income
decile(quintile) from time t-1 to time t for country i, N ewsit are all the inflation news
shock, both positive and negative, as defined by the nowcast revisions of inflation, N ews+
it ,
are only the positive inflation nowcast revisions, and the remaining terms are as before.
The total effect of a positive inflationary shock is the sum of β1 and β2 . If β2 is statistically
significant and large relative to β1 , this indicates the presence of an asymmetry in the
response.
Table 2 shows the results from this test of symmetry for the five income quintiles.
For the poorest income quintile, in Column (1), the coefficient for all inflation shocks,
effectively measuring the negative inflation news shocks, is positive, and statistically
significant at the 10% level. The coefficient measuring the difference in response from
positive inflation shocks to that of the negative is negative and larger in magnitude, as well
as statistically significant at the 5% level. The sum of the two coefficients are depicted in
Figure 6, the left-most bar. It shows that the total effect of a positive inflationary shock
is negative and statistically significant at the 5% level. Hence, for the poorest quintile,
the income share effect of a negative inflation news shock is positive, but the effect of a
positive inflationary shock is larger and more precisely estimated. Hence, the net effect
is negative. The result for the second-lowest income quintile is shown in Column (2),
and it has a similar pattern. The coefficient for the positive inflationary news shocks
is much larger in magnitude than the coefficient measuring the effect of the negative
shocks. Again, the sum of the two coefficients is depicted in Figure 6, and the net effect
of a positive inflationary news shock is negative and statistically significant at the 10%
level. For the third and fourth income quintile, the overall pattern is consistent with
the lowest quintiles, and there is significant asymmetry. For the top income quintile,
the coefficient measuring how large the difference in magnitude the effect of a positive
inflation shock is from a negative shock is large in magnitude compared to the coefficient
measuring only the effect of a negative shock. It is also statistically significant at the 1%
level. Hence, the negative effect for the top quintiles income share of a negative inflation
shock is small compared to the positive effect of a positive inflation shock. Also, in
Figure 6, it can be seen than the total effect of a positive inflation shock corresponding to
a upward nowcast revision of 100% is to increase the income share of the richest quintile
by nearly one percentage point.
Figure ?? shows the result of several robustness exercises when using the nowcast
11

revision inflation news shock. In Panel a), I perform a Placebo test for whether a nowcast
revision one year ahead impacts the income distribution this year. The effect of such a
treatment should be zero. Indeed, all the confidence bands span zero and the bars for
all the income quintiles appear to be small and statistically insignificant. In Panel b), I
exclude nowcast revisions that are above 500% in magnitude. such large revisions could
be errors made in the forecasting, and could introduce noise in the data. As can be seen,
excluding these revisions do not alter the results from the baseline estimation.
Throughout the paper, I use analytic population weights. The reason for this is that
I care more about large countries‘ income distributions than small countries. A check
however is warranted, to test whether results are driven only by large countries income
distributions. As can be seen in Panel c), this appear not to be true, and the heterogenous
impact of a inflation news shock is still visible in the unweighed sample. Finally, in Panel
d), I perform the estimation on changes in income shares and not income shares in levels,
hence I first-difference the data. As can be seen, the result is not driven by income share
data being spuriously related to inflation shocks.
are in fact strengthened and are statistically significant at the 95% level when excluding the extreme revisions. Hence, the results appear not to be driven by extreme
observations.

5

Conclusion

Rampant inflation has tormented the population in Venezuela, and put hyperinflation
on the research agenda again. In this paper, I show that outbursts of high inflation
are associated with a transfer of relative income shares from the poor and the middle
class to the rich. Only allowing the unpredictable component of inflation to affect the
income distribution, I find that an inflationary news shock of 100% leads to a gain for
the richest quintile of nearly one percentage point, while losses accrue for the remains
of the income distribution. The findings in this paper give fresh evidence supporting
the hypothesis that inflation is worse for the poor than for high income households, and
that price stability has consequences for the income distribution. The implication for
policy-makers is that a higher degree of price-stability can help avoid creating a more
skewed income distribution. Also, governments should pursue an institutional setup
that promotes price stability. For example, a central bank with political ties may be
prone to engage in excessive monetization. However, this paper shows that this could
have deep consequences for the poor. Also, further research should attempt to unravel
more microeconometric evidence on the exact prices faces by the poorest vs. the richer
households, and how this can create more skewness of income.
12
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Table 1 Summary Statistics

count

mean

cv

sd

max

min

Q1

1159

6.741625

.3348158

2.257203

13.37

.9

Q2

1154

11.32306

.2216797

2.510093

16.58

3.083333

Q3

1154

15.56704

.1448279

2.254542

19.4

6.11

Q4

1154

21.67868

.0688651

1.492903

24.85

14.41333

Q5

1160

44.67437

.1807938

8.07685

74.95333

29.71

D1

1122

2.601666

.3955364

1.029054

6.1

.2

D2

1119

4.149877

.2988142

1.240042

7.27

.7

D3

1119

5.179989

.2457032

1.27274

7.98

1.31

D4

1119

6.161177

.2037052

1.255064

8.6

1.773333

D5

1119

7.195307

.1661435

1.195453

9.3

2.493333

D6

1119

8.371249

.1302448

1.090312

10.1

3.616667

D7

1119

9.831496

.0930018

.9143465

11.375

5.41

D8

1119

11.82045

.0537104

.6348807

13.7

8.54

D9

1119

15.16485

.0591345

.8967667

17.94

12.57

D10

1122

29.50271

.2568129

7.576676
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17.14

Absolute forecast error

3187

42.63996

9.96488

424.9021

17256.5

-.9986519
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3187
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3.626018
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53.10917
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Log Nowcast revision

4744

.2591996

4.152003

1.076197

9.494899

-7.057221

N

5102
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Figure 3 Density of forecast errors

Notes: The histogram shows the absolute forecast error distribution and the normal density.
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(a) Effect of 1% absolute forecast error.

(b) Effect of 1% absolute forecast error.

(c) Effect of 100% increase in weighted
absolute forecast error.

(d) Effect of 100% increase in weighted
absolute forecast error.

(e) Effect of 100% increase in nowcast
revision.

(f) Effect of 100% increase in nowcast
revision.

Figure 4 Changes in quintile and decile income shares and inflation news shocks.
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(a) PLACEBO: effect of inflation revision
one year ahead.

(b) EXCLUDE EXTREME: effect of
inflation revision, excl. extreme revisions.

(c) NO WEIGHTS: effect of inflation
revision without population weights.

(d) FIRST DIFFERENCES: effect of
inflation revision on income share change.

Figure 5 Changes in quintile(decile) income shares and inflation for the baseline and
IV model. Exact coefficients can be inspected in the online appendix.
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Table 2 Forecast error news shock: symmetry test

Log nowcast revision
Log nowcast revision+

Observations
Country Year FE

(1)
∆Q1

(2)
∆Q2

(3)
∆Q3

(4)
∆Q4

(5)
∆Q5

0.451*
(0.256)
-0.655**
(0.283)

0.442*
(0.238)
-0.701**
(0.271)

0.385*
(0.210)
-0.665***
(0.240)

0.142*
(0.0832)
-0.341***
(0.100)

-1.310*
(0.684)
2.235***
(0.785)

976
Yes

982
Yes

982
976
976
Yes
Yes
Yes
Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Figure 6 Forecast error symmetry test: Net effect of positive and negative inflation
news shock across income distribution.

Notes: The bar plot shows the results of estimating Equation
2, and the bars represent the sum of the coefficients β1 and
β2 . N=439/440, n=60, confidence level in bar plot is 90%.
Includes fixed effects on country and year.
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